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Abstract: In the last decade the femicide has become one of the most frequent types of killings in the world,
especially in Latin American countries. Despite the great strides to achieve gender equity, violence against
women persists in society. The objective of this paper was to perform a tweets analysis of feelings and opinions
from the social network Twitter related to the femicide in Colombia and Mexico, which has become a widely
debated topic in the world. 300 tweets of Colombians and 300 tweets of Mexicans were collected. The opinions
of Mexicans were considered to analyze the public perception that other people have different to Colombians.
A comparative analysis was developed; the results of the Colombians were significantly different from
Mexicans. The tweets of Mexicans have more negative feelings compared to the Colombians tweets. In
comparison with the proportion of tweets with negative feelings of Mexicans, 83%, the percentage of

Colombians tweets is 74%.
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INTRODUCTION

At present the femicide has become one of the most
frequent types of killings in the world, especially in Latin
American countries. Despite the great strides to achieve
gender equity, violence against women persists in
society. The femicide is one of the most recurrent
problems of the XXI century. Thousands of women are
exposed to all kinds of violence to which, in many cases,
they end up murdered by their sentimental couples or
strangers. The most worrying aspect of this situation is
that the murder of a woman became something natural and
the femicide does not appear to be penalized with any
kind of moral or social guilt.

The objective of this paper was to perform a
sentiment analysis of Colombians and Mexicans tweets
about the femicide in the world. For the analysis, 600
tweets of Colombians and Mexicans of the social network
“Twitter” were used. The tweets were analyzed
separately. For the analysis and tweets classification the
Excel tool “TEXT2DATA” was used, a simple and
powerful tool for Analysts and Business Intelligent (BI)
developers.

This paper concluded that Colombians and Mexicans
have a bad perception of femicide. The results were
obtained a percentage of 74% expressing negative
feelings of Colombians and the Mexicans results was
83%. The bad perception about this problematic is due to
the lack of laws and penalties for this crime, the femicide
has been found in the impunity to your best ally. The
governments of the Latin America countries should
establish laws that severely punish this crime, which takes
more force in the world.

Femicide: The femicide or murder of women is a public
health problem and a serious violation of human rights [1].
In Latin America, homicide is a leading cause of death
among women [2]. Currently it is not known with accuracy
the magnitude of this problem in the world, due to the
methodological difficulties to differentiate these killings of
other types of women homicides. The term femicide, used
by Diana Russell in 1970, makes reference to the murders
of women for gender reasons [1]. This term is to
differentiate the crimes of gender violence of the women
murders for other reasons. The term includes the murders
committed by the partner or ex-partner, honor crimes
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(murder of women committed by family members to restore
the family honor), homicides associated with rape and
prostitution and the selective homicides of women during
the wars [2]. Homicide is the consummation of a long
process in which the women is subjected to some type of
violence, which empties into the femicide. The author of
the crime can be a man or woman, however, men's
violence against women has been shown to be more
massive, severe and capable of generating large social
impacts [3]. Femicide has four causes: badly managed
male aggressivity; slavery in human relationships; various
forms of jealousy and emotional dependency [4]. Other
possible social causes of femicide are: rapid population
growth and changing demographic structure, poverty and
unemployment [5]. The acts of violence by their
sentimental couple in Colombia reported between January
and October of the year 2017 reach 35.690 cases [2]. These
quantities reveal the magnitude of the problem, since a
large percentage of these women could be killed if
measures are not taken appropriate legal and socio-
cultural strategies. The femicide affects the family
nucleus, because if the victim has sons and the murder is
carried out by their sentimental partner, they could lose
their two parents and be socially stigmatized being the
sons of the murderer of his mother. The possibility of
femicide increases with the presence of sons of past
sentimental relationships [6], this is only one of the
possible scenarios in which there may be a femicide.
From a cultural perspective, the murderer in the
majority of cases kills women for economic or sentimental
reasons [7]. Many research has indicated that the most
frequent perpetrators of intimate femicide are husbands,
these findings indicate that persons who are separated are
the most frequent perpetrators of intimate femicide [8].
The power factor can lead a man to become a femicide, as
well as some Japanese soldiers during the second world
war, raped girls and women; many of these women died
due to sexually transmitted diseases, or because they
didn't want to provide the service imposed by the imperial
forces [9]. From a biological perspective little research has
been done on the factors that characterize a femicide.
These have been studied as any other type of killers,
which makes it difficult to analyze the femicide as a killer
different than other types of killers. From the
neuropsychology causes have been studied to the
femicide to identify brain areas that suffer alterations [10].
One of the ways in which you could understand the
biological factors that motivate a femicide, would be to
assess the true impact of risk factors like suffering a
mental illness, alcohol, hallucinogens or carry weapons.
Filing a judicial complaint against the aggressor does not

292

seem to affect the risk of murder among women exposed
to domestic violence. Protection measures for women
should be strengthened among immigrant women and
women living in urban and rural areas [11]. The elements
of the legal culture of society performed the task of
creating the legal system such as become the sphere of
social experimentation [12].

Background and Related Work: Text mining is the
process of analyzing collections of text materials in order
to capture the themes and key concepts and discover the
hidden relationships and trends without the need to know
the exact words or terms that the authors have used to
express these concepts. Sentiment analysis is a branch of
the text mining, this consists in the application of a range
of technologies to determine sentiments expressed within
social media about particular topics [13]. This is one of the
fastest growing research areas in sciences, making it
challenging to keep track of all the activities in the area
[14]. This seeks to identify the viewpoints underlying a
text span [15].

This aims to automatically uncover the underlying
attitude that we hold towards an entity. The aggregation
of these sentiment over a population represents opinion
polling and has numerous applications [16]. Sentiment
analysis and opinion mining is the field of study that
analyzes people's opinions, sentiments, evaluations,
attitudes and emotions from written language. It is one of
the most active research areas in natural language
processing and is also widely studied in data mining, web
mining and text mining [ 17]. Sentiment is a ubiquitous and
constant part of the human life, with variations in
sentiments changing only slightly up or down [18], the
sentiments are episodes of coordinated changes in
response to events of major significance [19].

In the literature review we found research that apply
sentiment analysis; Gan et al. [20] developed a research
for to identify the structure of online restaurant reviews
and examine the influence of review attributes and
sentiments on restaurant star ratings. Other authors
determined whether the results obtained by applying
sentiment analysis to data extracted from social media can
reveal the political preferences of citizens to a greater
degree of accuracy than traditional public opinion
surveys [21]. In Oztiirk and Ayvaz [14] investigated the
public opinions and sentiments towards the Syrian
refugee crisis, which has affected millions of people and
has become a widely discussed, polarizing topic in social
media around the world. Kusen and Strembeck [22]
developed a sentiment analysis of the Twitter discussion
on the 2016 Austrian presidential elections, they extracted
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and analyzed a data-set of Twitter messages. Liang ef al.
[23] developed a multifaceted sentiment analysis
approach to measure the dimensions in consumer reviews,
they were interested in the comments on product quality
and service quality. Kavitha and Usha [24] used to
perform intrusion detection in Wireless Local Area
Networks to achieve more accuracy in intrusion detection.
Thanigaivel and Kumar [25] identified hidden patterns by
applying data mining techniques, which are noteworthy
to heart diseases. The stages for the feelings
classification are [26]:

Tokenization: splits the text into very simple tokens
such as numbers, punctuation and words of different
types.

Speech tagging: produces a tag as an annotation
base on the role of each word in the tweet

WordNet WSD: determinate the meaning of every
word in his context

SentiWordNet interpretation: given a synset we can
search the sentiment score associated to the synset.
Sentiment orientation: term score summation method.
The positive and negative scores for each term found
in a tweet are summed separately.

MATERIAL AND METHODS

Data Collection: Actually, the information and
communication technologies (ICT) showed great potential
for enhancing and merging social networks [27]. Social
networks are growing day by day. The users of the these
are generating values for these networks [28]. Actually,
the Internet usage rates have increased in the world
number of internet users reached to 3 billion and half of
them have active user status on social media [29]. In the
analysis, 600 tweets of Colombian and Mexican of the
social network “Twitter” were used. At present, this is
one of several social media networks. The search of
tweets was conducted between 11/01/2018 to 11/02/2018,
the tweets was saved in xlIsx files in preparation for the
analysis process. The tweets of the Colombian and
Mexican were analyzed separately. For Colombian Tweets,
300 tweets were gathered with the keywords: “Femicide”,
“Colombia” and “Women”. For Mexicans tweets, we used
the keywords: “Femicide”, “Mexico” and “Women” for
the search. In total, 300 Mexican tweets were gathered.
The tweets complies with the four characteristics of the
data analysis, known as the 4Vs: volume, velocity, variety
and veracity [30]. For the analysis and tweets
classification was used the Excel tool “TEXT2DATA”, a
simple and powerful tool for Analysts and BI developers
[15]. This tool offers text analytics SaaS services like in-
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Table 1: Feminicide tweets

User Comment

(@hansiipinge Yes It is definitely skewed towards women So much
so that we coined terms liken femicide Just because

we freaking could screw men

(@ Bouncer What they did was femicide Now they have produced

Mangel robots to provide companionship Robots with white
girly looks which also help in home shores

@KhSophia My life these days is basically discussing femicide in the

mornings and doing fashion shows in the evenings

depth analysis, social media data, cloud computing and
features such as sentiment analysis API, Twitter
sentiment engine, user classification models [15]. This
tool was downloaded from the following link:
http://text2data.org/Excel, is installed in MS Excel and
runs directly from the Developer tab, as presented in
Fig. 1:

Data Pre Processing: For the analysis the comments were
deleted that had double meaning, abbreviations and
illogical ideas. The tweets duplicates were eliminated. In
the data cleaning, the retweets were not considered, the
aim of this research was to specify the opinions of people
(Colombians and Mexicans). The uppercase letters were
changed into lowercase characters. Punctuation,
hyperlinks and numbers were deleted from the tweets and
only words were considered for the analyses. The tweets
were split into tokens and those words were looked up in
each tweet and scores were calculated. The scores of the
tweets were aggregated based on the token sentiment
scores. Table 1, presents some examples of tweets used in
the analysis:

Calculation of Term Frequencies: Word cloud is a useful
tool for visually a large amount of data [16]. In this paper,
word clouds were generated for visualize the text data of
the Colombian and Mexicans tweets. These, were created
by using “Text2Data”, a MS Excel tool for create word
clouds. Word clouds is a great way of visualizing a piece
of text or a news feed. The cloud gives greater prominence
to words that appear more frequently in the tweets [17].
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RESULTS AND DISCUSSION

“TEXT2DATA”, classifies tweets into five
categories: very negative, negative, neutral, positive and
very positive. The Colombian tweet dataset contained 300
tweets. For each tweet an overall sentiment score was
generated. Then, the tweets were grouped into the
sentiment categories. Out of 300 Colombian tweets, 222 of
them were classified as negative, 15 as neutral, 7 as
positive, 54 as very negative and only 2 tweets were
classified as very positive. Fig. 2, presents the sentiment
analysis results of Colombian tweets. Negative tweets
dominated the sentiment categories. After, very negative
tweets were the second in order and followed by the
neutral tweets. Fig. 3, presents the pie chart of the
analyzed Colombian tweets. The proportions of the
results composed negative with the highest rate of 74%
followed by 18% as very negative, 2% as positive
respectively. 5% of the tweets were categorized as neutral
and only 1% as very positive. The results show that
Colombian speaking community in twitter post tweets
mostly negative opinions regarding the topics of femicide.

Out of 300 Mexican tweets, 10 of them were classified
as positive, 3 as very positive, 250 as negative, 7 as
neutral and 30 tweets were classified as very negative.
Fig. 4, presents the sentiment analysis results of Mexican
tweets. Negative tweets dominated the sentiment
categories. After, very negative tweets were the second in
order and followed by the positive and neutral tweets. Fig.
5, presents the pie chart of the analyzed Mexican tweets.
The proportions of the results were composed negative
with the highest rate of 83%, 1% as very positive, 3% as
positive and 3% as neutral respectively and 10% as very
negative. The results show that Mexican speaking
community in twitter post tweets mostly negative
opinions regarding the topics of femicide.

Word clouds of frequent terms: This work analyzed the
word frequencies of Colombian and Mexican tweets about
femicide using word clouds. Fig. 6, presents the word
cloud results for Colombian tweets.

The word “women” was the most common word
among the terms in Colombian tweet data. This term is the
boldest word in the cloud, it is followed by the word
“femicide” and “violence”. Fig. 7, presents the word cloud
results for Mexican tweets. The most common word was
“women”, it is followed by the word “Mexico”.

As observed on the word cloud graphic of the
frequent terms, the Colombian tweets often involved
discussions regarding the deaths and social problems, the
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Table 2: Colombian terms Colombian tweets focused more on the information about
Geographic Violence Social the murder of women in the country. In Mexican tweets
i ici I t 6 (Y3 [ : bl
COlOU}bla Hom.lc.lde mpunity the words “women”, “murdered”, “violence”, “Mexico’
America Femicide Inequality
International Murder Rights were counted as frequent. There were some words
Latin Death Institutional frequently used in both datasets. These words were
Cali Violent Judicial mostly related to the femicide; for instance, “women”,
Nati 1 i Soci T ) « L :
atona Oppression ociety violence” and “femicide”. The list of terms that are used
Torture Public . o ]
Cruelty Security in the analysis is shown by category and language in
Abuse Human Tables 2 and 3:
Table 3: Mexican terms CONCLUSIONS
Geographic Violence Social
Mexico Dead Justice . . .
Morelos Killed State The analysis of results allowed identifying that
Capital Raped Cartels Colombian and Mexican people have a bad perception of
America Femicide Federal the femicide, a situation that can help to raise awareness
Chihuahua Crime Government .

. and to decrease the number of innocent women murders.
National Murders Law . K .
Municipality Death Authors The bad perception of these is due to the terrible
Ecatepec Perpetrated Women consequences that are generated by the society for the
Country Demanded death of mothers with sons, a situation that destroys the
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homes and affects the normal development of boys and
girls in the world.

Sentiment allows the
satisfaction or dissatisfaction degree of comments made
by people, facilitating the identification of aspects that
must be improved, which can help to take measures that
would contribute to the solution of social problems such
as femicide, violence and social problems. Specifically, in
this work, helped to identify that from the family nucleus
is failing to shape rational men and women, it is not right
that women are killed by those who said love ever.

analysis to determine
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